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ABSTRACT
The effectiveness of e-grocery delivery in the Klang Valley during Movement Order Control (MCO) was the subject of this study. During MCO, this study looked into the elements that determine the efficacy of e-grocery delivery in the Klang Valley. The goal of this study was to examine the influential factors that affect the effectiveness of e-grocery delivery in Kuala Lumpur urban area. The sample for this study was persons living in the Klang Valley during MCO, and the survey was self-administered. The primary data collection for this study was gathered from a variety of social media platforms. Instagram, Course Networking (CN), and University Facebook were all used to promote the survey. Partial correlation and multiple regression analysis were used to analyse the data collected. Major outcome of the study concluded that the success of e-grocery delivery in Klang Valley during MCO was strongly influenced by three variables, including delivery coverage area, time slot capacity, and cut off time.
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INTRODUCTION
Coronavirus (COVID-19) sickness was a worldwide event that drew worldwide notice and shocked the world. COVID-19 was an infectious disease caused by a newly found strain of coronavirus, a kind of virus known to cause respiratory infections in humans, according to the World Health Organization (2020). On January 24, 2020, the first case of COVID-19 was discovered in Malaysia. In order to respond to this outbreak, WHO Country Office in Malaysia has been working closely with the Ministry of Health (MoH) to restrict the movement of people through the implementation of MCO. Thus, on March 18, 2020, a Movement Control Order (MCO) was implemented to help the MoH keep the spread and deaths under control. The MCO is concerned with the restriction of people's mobility into and out of a given area (Shah et al., 2020). MCO was created with the goal of breaking the COVID-19 infection chain in Malaysia. However, the implementation of MCO had change on the traditional ways of goods movement in all areas especially in an urban area where the outbreak started. A major shift was found on the usage of e grocery and delivery during that period.
Due to high demand of the e-grocery delivery during the MCO period, it has resulted on the e-grocery delivery is experiencing difficulties due to the numerous new rules and regulations that must be followed throughout MCO despite of other logistics issues. The Ministry of Transportation has established a few criteria for riders who deliver gifts, food, and beverages (Tan, 2020). During the early stages of MCO, delivery services are only permitted to operate between the hours of 8 a.m. and 8 p.m. Contactless transactions must be practised by all operators and riders to encourage customers to adopt e-payment. According to the MoH's rules, the delivery boxes must be sanitised every day (Tan, 2020). The effectiveness of the e-grocery delivery service can be influenced by following certain rules and practises. However, until today, there is lack of discussion were make on the effectiveness of the e-grocery model that should be used during the MCO period especially to the vendors and transport operators.
1.1
Problem Statement
As the introduction of MCO results in an increase in orders, many grocery merchants are unprepared to meet the increased demand. According to Subramaniam (2020), panic shoppers had already emptied supermarkets, mini markets, convenience stores, and even small-sized groceries of basic household supplies in the week leading up to the MCO. COVID-19's breakout came out of nowhere, and online grocery delivery services were unprepared for such a surge in demand. This could have an impact on the effectiveness of e-grocery delivery. The workers must adhere to a number of criteria when working during MCO. The situation results in a shortage of drivers or riders to deliver the things that clients have ordered. Every rider is required to send out more orders than on typical days. As a result, there is a delay in delivery, the labour scarcity causes delays in the delivery process during MCO. During the first phase of the MCO, Jerry (2020) noticed that the number of employed people fell in March. This trend continued in April, with the number of employed people falling by 156.4 thousand to 14.9 million people year over year (Jerry, 2020).
Klang Valley is a region that is heavily afflicted by the COVID-19 sickness. This is mainly due to high density of population; thus, it was chosen as the focus area of this study. This location also has the biggest number of e-grocery users with high internet usage and majority of them are well equipped with smart phone, which further add advantage to the study in collecting a more accurate data. This issue has become of interest to the researcher to further understand on what are the critical factors that are affecting the effectiveness of the e-grocery delivery as perceived by the urban residents who are affected during the MCO period. Failure to understand the issues might create a worst-case scenario because the survival of mankind mainly depends on the food supply through the e-grocery delivery services. Thus, this research tries to fill up the gap by looking into several relevant factors affecting the effectiveness of the e-grocery services. 
1.2  
Aim and Objectives    
This study will look into the elements that lead to successful e-grocery delivery during MCO in the Klang Valley. Furthermore, the influence of MCO on e-grocery delivery in the Klang Valley is of interest for this study. The following are the research goals:
i. To determine the factors that affect the effectiveness of e-grocery delivery.        
ii. To determine the relationship between the significant factors and the effectiveness of the e-grocery delivery chain.          
iii. To propose an effective e-grocery delivery model.  
2.0 
Literature Review and Hypotheses Development
2.1 
Delivery Coverage Area 
The delivery coverage region can be defined as the exact locations where the online grocer or merchant supplies clients with delivery services. The store assigns each order to a delivery area based on the customer's delivery address. Each delivery zone has a set of specified time slots that can be presented (Amorim et al., 2020). To ensure optimal e-grocery delivery, the delivery region has been concentrated. Riders are not required to return to a specific location on a regular basis. They collect and organise orders in a delivery area to help the delivery service save money and time.

Many delivery zones are prohibited under MCO. Riders are instructed to avoid delivering in red zones, according to the Transport Ministry's instructions (Tan, 2020). There are more than 41 COVID-19 confirmed cases in the red zones. Due to red zone regulations, certain courier service businesses made the announcement and identified the locations where they would stop delivery. A J&T Express employee recently revealed the status of delivery to red zones, confirming that they will not be delivered to them (Alexander, 2020).

In previous studies of the success of e-grocery, the delivery coverage area played a significant part in determining whether or not the service area has a congestion problem (Punakivi & Saranen, 2001). This element had a significant impact on the e-service grocery's performance. First and foremost, delivery coverage area refers to the geographic area where the service is provided. It's also known as the service area. According to the research, the delivery coverage area has had a significant impact on the service because Malaysian traffic is notoriously bad in several areas. It took more than half an hour to get to the destination on several occasions. According to Roy (2019), traffic congestion has become a typical concern for everyone who lives in Malaysia's capital cities, such as Kuala Lumpur.

People in that area had begun to accept the situation rather than confront it. The discomfort had worsened as a result of it. When there is a seasonal time, traffic is worse than usual since everyone returns home or goes on vacation. Because the time spent in traffic can be employed more effectively, this congestion has had a significant impact on the economy. Many of them are late for work as a result of traffic, which includes the e-grocery service. Many people in the capital choose to utilise e-grocery because they do not want to leave their homes and risk being stuck in traffic.

According to Pedro, Nicole, Fredrik, and Sara (2020), the store examines the customer's order and suspends their address before assigning the items to the vehicle at the appropriate time and location. Each delivery region had a set area and a time slot for the specific area that the consumer may choose from. Then, in order to preserve delivery effectiveness, a time slot for each delivery was established. The delivery method entailed gathering all of the goods ordered by the customer in the same area and sending them all at the same time for the grocery to be delivered.

Furthermore, having this e-grocery service in a densely populated location helped that area reduce traffic congestion. It decreased emissions by allowing individuals to order goods online and avoid traffic. This could also aid in the preservation of the ecosystem. As a result, customers were able to shop for food without having to worry about traffic. When everyone uses e-grocery, gas emissions are reduced since the number of vehicles on the road is reduced (Jocelyne, Laura, Vivek & Matthew, 2019).

The ease of grocery shopping from home and having things delivered is the primary motivation for purchasing groceries online (Singh & Söderlund, 2020). The closer the delivery locations for orders in a specific time slot are, the easier it is to arrange the deliveries, according to Campbell and Savelsbergh (2005). They also discovered that the closer deliveries are to each other in a particular time window, the more deliveries can be properly handled, lowering average delivery costs and increasing profitability. Hence, the first hypothesis is proposed:  
H1: There is a positive relationship between delivery coverage area and effectiveness of e-grocery delivery during MCO in Klang Valley.
2.2
Time Slot Capacity 
The time slot happens when the retailer assigns a capacity, defined as the maximum number of orders that can be accepted, to each time slot offered in each delivery area. The time slot was then eliminating from the offered set once it reaches capacity (Amorim et al., 2020). For a consumer to use the service, they have to choose a time slot when they would be at home and able to accept the delivery. When a consumer may possibly choose from a large number of time slots with sufficient capacity, he or she is said as satisfied. Kempiak and Fox (2002) studied that consumers who did not shop online cited this primary reason: inconvenient delivery times. In an urban area, main customer who uses online grocery is office workers who usually return home in the evening. The capacity of the time slot should be prepared and offered as much as feasible within that period to increase the effectiveness of the e grocery delivery attempt.
During the pandemic season, e-grocery usage has grown to a higher level where the people in the Klang Valley area have started to use the e-grocery service. The number of customers who order for grocery is also spiking up (Sahelirc, 2020). This had made the time slot capacity ways to be changed. Then the e-grocery company cannot deliver the goods on time due to high amount of demand and a limited amount of goods. Then the order had delayed to longer than expected for every consumer. This was affecting the performance of the delivery and satisfaction of the customers towards the delivery service. The time slot capacity should be more significant to accept more orders from the customers. 
Respondents were much more concerned about convenient time slots than the free delivery option and same-day delivery (Kaur & Shukla, 2017). Often the retailer receives a fixed number of requests per time slot. This number is typically based on a combination of factors, including historic delivery times (Campbell & Savelsbergh, 2005). Agatz et al. (2011) found that changing the number of time slots for delivery over spatial areas affects consumer choice in an online purchase. A flexible delivery time slot ensures satisfied customer service. Thus, the following hypothesis is formed: 
H2: There is a positive relationship between time slot capacity and effectiveness of e-grocery delivery during MCO in Klang Valley.
2.3 
Cut-off Time 
The cut-off time is the point at which an order is no longer accepted until the next time slot becomes available. Because the orders are prepared in physical stores, it is critical to allow appropriate time for preparation and shipping. As a result, each time slot has a cut-off time, which indicates when the delivery time slot is no longer available to clients (Amorim et al., 2020). The staff must spend a significant amount of time removing products from storage and properly packaging them for delivery. Because the number of orders increases rapidly during MCO, staff must devote more time to fulfilling them. In this way, they will be able to maximise their effectiveness while also being able to completely utilise the moment they have to give the option of more time slots that suit their schedule (Md Zaini et al., 2011).
It was proposed that the amount of time available for shopping influences shopping channel preference by influencing both consumers' perceptions of convenience and enjoyment (Huang & Oppewal, 2006). After a shift's order cut-off time has passed and all orders have been identified, the delivery routes for that shift are scheduled (Agatz et al., 2011). For the management to attain good delivery performance, there is a considerable lead time (Karim et al., 2009). Peapod's cut-off time is 8 p.m. on the day before delivery and midnight on the day before delivery, according to Agatz et al., (2011). To allow enough time for order picking, time slots are closed roughly 10 hours before delivery. Based on the above supporting evidence, it can be hypothesised that: 
H3: There is a positive relationship between cut off time and the effectiveness of e-grocery delivery during MCO in Klang Valley.
2.4 
Effectiveness of E-grocery Delivery
Customer satisfaction can be used to measure the effectiveness of an e-grocery delivery. This study used three elements to determine the point of e-grocery delivery: (1) delivery coverage area, (2) time slot capacity, and (3) cut-off time. This research evaluated customer satisfaction through these three (3) elements by doing a survey. The effectiveness of e-grocery delivery affected the customer choice of retailers. An effective e-grocery delivery helped to increase the customer repurchase rate. The customer chose to use again the online grocery delivery which provided a satisfying service. However, Kempiak and Fox (2002) studied that consumers simply stop shopping online because of repeated bad experiences. Therefore, the effectiveness of e-grocery delivery led to the customer preference for specific online grocery services. 
E-grocery, often known as online grocery, is a service that delivers groceries to customers after they make an online purchase. This e-grocery can help customers save a lot of time by allowing them to purchase groceries from the comfort of their own home by simply pressing a few buttons. Despite this, many people are being pushed to use e-grocery in order to reduce human-to-human contact as a result of the global epidemic. This had also aided the e-grocery company in seeing rapid growth and sales spikes (Lim, 2020).

Furthermore, if the effectiveness of the e-grocery service improves, our country will be able to make more revenue and have a stronger economy (Alison, 2020). This was extremely beneficial to the country's economic situation. It improved the environment greatly because using the e-grocery service reduced the number of moving vehicles because consumers had to stay at home to get their orders. The effectiveness of the e-grocery was measured not only in terms of cost but also in terms of environmental impact. If the emission is excessively high, it generates pollution, hence reducing pollution increased the e- grocery effectiveness (Jocelyne, Laura, Vivek & Matthew, 2019).
2.5 
Research Framework
Independent Variable (IV)                                                 Dependent Variable (DV)





Figure 1: Research framework
The research framework for this study is shown in Figure 1. The independent and dependent variables in this research framework operate as the elements that influence the effectiveness of e-grocery in the Klang Valley during MCO. The link between the independent variables (delivery coverage area, time slot capacity, and cut-off time) and the dependent variable (e-grocery efficacy) in Klang Valley is investigated in this study.
3.0 
Methodology
This study proceeds with a quantitative method which deem appropriate as it allowed for a higher sample size than the qualitative method. Small sample numbers can make results unreliable and impossible to generalise (Rahman, 2016). This study created questionnaires to collect data and convert it into numerical form in order to analyse and evaluate the link between the independent variables (IV) and dependent variable (DV) of this study. The surveys were created by giving respondents alternatives to "check" or "circle" based on the questions. According to Feilzer (2009), researchers prefer large-scale "tick-box" questionnaires because they yield accurate, arguably, and detailed data.
Non-probability sampling has been used in this study. Non-probability sampling, according to Setia (2016), is a technique based on the researcher's choice of where the population is accessible and available. When a researcher's resources, time, and labour are limited, non-probability sampling can be beneficial (Etikan, 2016). As a result of this non-probability sampling, data was acquired at a cheaper cost and in less time.Thus this study adopted the similar approach.
This study's target group was Klang Valley residents who ordered groceries online. The Klang Valley was chosen because it was the most hit by the COVID-19 pandemic. Kuala Lumpur and Selangor had the greatest number of confirmed COVID-19 cases among Malaysia's states. In addition, online grocery delivery services were available, covering the entire Klang Valley. As a result, when compared to other locations, the number of online grocery users was relatively larger. The questionnaire includes a question inquiring if the respondent lives in Klang Valley to confirm that the respondents were from the area. Today, more than 26 million Malaysians use the Internet. According to statistics, 80 per cent of consumers between the ages of 16 and 64 are currently doing their shopping online (Moey, 2019). When the population is greater than one million, the sample size proposed is 384, according to Krejcie and Morgan (1970). As a result, the study followed the protocols and included 384 participants.

For this study, the researchers conducted an online poll by spreading the URL on social media. The questionnaires had three sections: section A was taken from Mathew (2013), section B was taken from Rainu (2012), and part C was also taken from Mathew (2013).  Section A consists of questions about the respondents' general knowledge and perspectives. Section B, on the other hand, contains questions on online grocery shopping experiences that are relevant to the study's independent variable and Section C further tapped on the dependent variables. The 7-point Likert scale was used to determine how strongly subjects agreed or disagreed with the designed statement in this study. Very strongly disagree=1, strongly disagree=2, disagree=3, neither disagree nor agree=4, agree=5, strongly agree=6, and very strongly agree=7 were the survey's response codes.
4.0 
Data Analysis
The SPSS Statistics Package for Social Science (SPSS) software was used to analyse data gathered through questionnaires in this study. A total of 388 participants took part in the poll. There were 183 male respondents (47.16 per cent) and 205 female respondents (52.84 per cent) among the total number of respondents. With 99 (25.52 per cent) respondents, the age category of under 20 years old was the most popular. The second age group, between the ages of 21 and 30, received 261 (67.27 per cent) responses. The third age group, those between the ages of 31 and 40, received 20 (5.15 per cent) of the total number of responses. The age group between 41 and 50 years old accounted for the least number of respondents, with 8 (2.06 per cent).

The category with the highest number of responders (252) was those with a monthly income of less than RM1000 (64.95 per cent). This could be due to the fact that the survey included a large number of full-time students. With 79 replies, the monthly income category of RM1001-RM2000 constituted the second-highest group (20.36 per cent). Next, 37 respondents reported having a monthly income of RM2001-RM3000 (9.54 per cent). Finally, 20 responders (5.15%) increased the value of the group to over RM3000.

The next inquiry concerns a difficulty encountered while ordering groceries online. In this question, 293 (75.52 per cent) of the 388 responders said yes. This meant they ran into a difficulty while shopping for groceries online. The remaining 95 (24.48 per cent) respondents responded no, indicating that they have not encountered a problem during the online e grocery purchase.
4.1
Delivery Coverage Area 
This section discussed the mean score for the delivery coverage area based on every delivery coverage question by mean and standard deviation.  
	
	Mean
	Std. Deviation

	The delivery coverage area is important to me when buying groceries online.
	6.02
	1.162

	Online grocery delivery in Klang Valley provides an extensive coverage area for delivery service
	5.23
	1.172

	I would purchase groceries online when my place is included in the delivery area.
	5.72
	1.138

	Online grocery delivery in Klang Valley provides a high-speed delivery service.
	5.29
	1.257

	I had a satisfying online grocery delivery experience when my place was included in the delivery coverage area.
	5.69
	1.261


Table 1: Mean Score Analysis for Delivery coverage
From Table 1, it can be clearly seen that “Delivery coverage will affect the effectiveness of the e-grocery purchase" had the highest mean of 6.02, with respondents believing that the e-grocery service was considerably more efficient when it had a wider delivery coverage. Next, "I would purchase groceries online if my location is included in the delivery region" had the second-highest mean of 5.72, indicating that the respondent would utilise it if the delivery coverage area included the respondent's location. Respondents believed they would have a good online delivery experience if their residences were included in the delivery coverage, as evidenced by a high mean of 5.69. Respondents stated that e-grocery in the Klang valley had a high speed of delivery service due to the delivery coverage region, as evidenced by a mean of 5.29. Furthermore, a mean of 5.23 suggested that e-grocery in Klang Valley had a large delivery service coverage area.
4.2
Cut off time
This section discussed the mean score for the cut off time based on every score on the independent variable question by mean and standard deviation. 
	
	Mean
	Std. Deviation

	Cut-off time is essential to me when buying groceries online.
	5.59
	1.054

	Different online grocery delivery services in Klang Valley provide other cut-off times.
	5.19
	1.208

	I would drop an order at least one day in advance before the delivery time.
	5.48
	1.295

	I would purchase groceries online only when same-day delivery is provided.
	5.78
	1.405

	I had a satisfying online grocery delivery experience when the cut-off time was stated clearly.
	5.83
	1.175


Table 2: Mean Score Analysis for Cut-off time
Result from Table 2 shows that, "Cut off time will affect the effectiveness of the e-grocery purchase" achieved the highest mean of 5.83, where the respondents believed that it was much more efficient when the e-grocery service provided a stated cut off time. Next, "I would purchase grocery online when same-day delivery is provided" achieved the second-highest mean of 5.78, which meant that if the delivery was provided during the same day, the respondents were going to purchase through e-grocery. A high standard of 5.59 showed that respondents believed that the cut off time was essential for them when buying groceries online. A mean of 5.48 showed that respondents would drop the order one day earlier, right before the delivery time. Finally, a mean of 5.19 indicated that different e-grocery platforms in Klang Valley provided different cut off times.
4.3
Time slot capacity
This section discussed the mean score for the timeslot capacity based on every score on the independent variable question by mean and standard deviation. 
	 
	Mean
	Std. Deviation

	Time slot capacity is essential to me when buying groceries online.
	5.93
	1.078

	Online grocery delivery in Klang Valley provides a sufficient time slot capacity for delivery service.
	5.18
	1.172

	I would purchase groceries online when time slot capacity is always sufficient.
	5.51
	1.160

	I would purchase groceries online when there are many time slots provided to be selected.
	5.70
	1.140

	I had a satisfying online grocery delivery experience when time slot capacity was always sufficient.
	5.87
	1.221


Table 3: Mean Score Analysis for Time slot capacity
Result from Table 3 summarize that, "Time slot capacity will affect the effectiveness of the e-grocery purchase' achieved the highest mean of 5.93, where the respondents thought that the time slot capacity was critical when purchasing groceries online. Next, "I had a satisfying online grocery delivery experience when time slot capacity is always sufficient" achieved the second-highest mean of 5.87, which meant that if the time slot was always available for the respondent to use when they were purchasing grocery online. A high mean of 5.70 showed that respondents were interested in buying groceries online when there were a variety of time slots for them to be chosen when purchasing groceries online. From respondents' point of view, a mean of 5.51 showed that respondents wanted to drop the order when there was always a sufficient time slot. Finally, a mean of 5.18 indicated that online grocery delivery services in Klang Valley provided enough time slot capacity for their customers.
4.4 
Effectiveness of e-grocery
In this section, a total of nine questions related to the effectiveness of e-grocery have been asked.
	 
	Mean
	Std. Deviation

	Online grocery shopping saves time.
	5.57
	1.221

	A long time is required for the delivery of products and services while buying groceries online.
	4.98
	1.179

	I prefer traditional grocery shopping rather than online grocery shopping.
	4.66
	1.437

	The selection of goods available on the Internet is extensive.
	5.13
	1.156

	The information given about the product on the site is sufficient.
	5.11
	1.191

	I prefer an online grocery with a shorter cut-off time.
	5.63
	1.244

	I prefer an online grocery that offers adequate time slot capacity.
	5.99
	1.166

	I prefer an online grocery that provides same-day delivery.
	6.09
	1.123

	I prefer an online grocery that offers a large delivery area in Klang Valley.
	5.85
	1.339


Table 4: Mean Score Analysis for Dependent variable
4.5
Normality test
This section discussed the summary of the normality test for the IV and DV to find out the skewness and kurtosis statistics.
	Variables
	
	Skewness
Statistics   Std. error
	Kurtosis
Statistics       Std. error

	Independent Variables
	Delivery coverage
Cut off time
Time Slot Capacity    

	-0.61          0.124
-0.649        0.124
-0.623        0.124
	0.196            0.247
-0.243           0.247
-0.058           0.247

	Dependent Variable
	Effectiveness of e-grocery delivery
	-0.542        0.124
	0.519            0.247


Table 5: Summary of Normality Test for Dependent Variable and Independent Variables
The skewness and kurtosis of the independent variable delivery coverage were –0.610 and 0.196, respectively, according to Table 5. Next, the cut off time skewness was -0.649 and -0.243. The time slot capacity skewness and kurtosis were then -0.623 and -0.058, respectively. Aside from that, the skewness values for the dependent variables of e-grocery delivery efficacy were -0.542 and 0.519, respectively. A negative skewness score indicated that the data was skewed to the left, while a high kurtosis value indicated that the distribution had a thick tail and reached a peak. Skewness did not "make a significant difference in the analyses" for a decently big sample. Kurtosis can cause underestimation of variation, however employing a large number of pieces (>200) helps mitigate this risk.
4.6
Reliability test
This section discussed the reliability test to find out the Cronbach's Alpha for all of the areas.
	Factor
	Cronbach’s Alpha

	Delivery Coverage Area
	0.785

	Cut off Time
	0.741

	Timeslot Capacity
	0.839

	Effectiveness of e-grocery delivery
	0.761


Table 6: Cronbach’s Alpha Value for Both Independent and Dependent Variables
Cronbach's alpha value for the independent variable of time slot capacity was 0.839, which was the highest of the independent variables in Table 6. The following independent variable of the studies was then introduced. The Cronbach's Alpha value for this delivery coverage region was 0.785. The last independent variable, cutoff time, had a value of 0.741, and it had the lowest Cronbach's Alpha value of all the independent variables. Then, in Section C, the DV was the effectiveness of e-grocery delivery, with a Cronbach's Alpha value of 0.761. Cronbach's Alpha values for both sections were adequate in terms of reliability.
4.7
Factor analysis
The Kaiser-Meyer Olkin Measure of Sampling Adequacy (KMO) value must be 0.6 or above to verify that the data set is suitable for factor analysis. In contrast, Bartlett's test of Sphericity value was significant should be 0.05 or smaller to determine the correlation matrix was significantly different from an identity matrix which meant the correlations between variables were all zero.
4.7.1
Delivery coverage area, Cut off time and 
This section discussed the KMO and Bartlett's Test for delivery coverage.
	Kaiser-Meyer-Olkin Measure of Sampling Adequacy.
	.779

	Bartlett's Test of Sphericity
(delivery coverage area)

	Approx. Chi-Square
	512.685

	
	Df
	10

	
	Sig.
	.000

	Kaiser-Meyer-Olkin Measure of Sampling Adequacy.
	.766

	Bartlett's Test of Sphericity
(cut off time)

	Approx. Chi-Square
	416.306

	
	Df
	10

	
	Sig.
	.000

	Kaiser-Meyer-Olkin Measure of Sampling Adequacy.
	.840

	Bartlett's Test of Sphericity
(time slot capacity)

	Approx. Chi-Square
	734.902

	
	Df
	10

	
	Sig.
	.000


Table 7: KMO and Bartlett's Test
In this independent variable of delivery coverage area, the KMO value was 0.779 and Bartlett’s test was significant (p = .000). For the independent variable of cut off time, the KMO value was 0.766 and Bartlett’s test was significant (p = .000). For the independent variable of time slot capacity, the KMO value was 0.840 and Bartlett's test was significant (p = .000); therefore, factor analysis was appropriate.  
4.8
Partial Correlation Coefficient Test 
This section discussed the Partial Correlation Coefficient Test.
	Correlation coefficient value, R
	Strength of Association

	0.1 to 0.3
	Weak

	0.3 to 0.5
	Moderate

	0.5 to 1.0
	Strong


Table 8: Guideline for the Interpretation of a Correlation Coefficient
The link between two variables was measured using partial correlation. Pearson's Correlation was found to have values ranging from -1 to +1. The value of 0 indicated that the relationship was not linear. Meanwhile, a negative linear relationship between the variables was denoted by a number between -1 and 0. Finally, if the value was between 0 and 1, there was a positive linear relationship between the variables.
4.8.1 
Relationship between delivery coverage area and effectiveness of e-grocery service
This section discussed the partial Correlation on the relationship between delivery coverage area and effectiveness of e-grocery service.
	
	Delivery
coverage area
	Effectiveness
	Time
slot
capacity
	Cut off time

	Delivery coverage area
	Pearson Correlation
	1
	.654**
	.674**
	.741**

	
	Sig. (2-tailed)
	
	.000
	.000
	.000

	
	N
	388
	388
	388
	388

	Cut off time
	Pearson Correlation
	.741**
	.690**
	.745**
	1

	
	Sig. (2-tailed)
	.000
	.000
	.000
	

	
	N
	388
	388
	388
	388

	Time slot capacity
	Pearson Correlation
	.674**
	.626**
	1
	.745**

	
	Sig. (2-tailed)
	.000
	.000
	
	.000

	
	N
	388
	388
	388
	388

	Effectiveness
	Pearson Correlation
	.654**
	1
	.626**
	.690**

	
	Sig. (2-tailed)
	.000
	
	.000
	.000

	
	N
	388
	388
	388
	388


	Delivery Coverage
	Pearson Correlation
	1
	.597**
	
	

	
	Sig. (2-tailed)
	
	.000
	
	

	
	N
	388
	388
	
	

	Effectiveness of e-grocery delivery

	Pearson Correlation
	.597**
	1
	
	

	
	Sig. (2-tailed)
	.000
	
	
	

	
	N
	388
	388
	
	

	**. Correlation is significant at the 0.01 level (2-tailed).
	
	


Table 9: Partial Correlation on the relationship between delivery coverage area and effectiveness of e-grocery service
Table 9 depicts a partial correlation between the delivery coverage area and the effectiveness of the e-grocery delivery service. The dependent variable, point of e-grocery, had a positive partial correlation with the delivery coverage area (r=0.579, p0.05). Controlling for delivery coverage area and effectiveness of e-grocery service, the strength of the association between two variables has dropped (from 0.654 to 0.579), according to the zero-order Correlation (r=0.654). The controlled variable had a considerable impact on the strength of the link between delivery coverage area and e-grocery service efficacy. The Sig 2-tailed level was.000, indicating a strong and positive link between delivery coverage area and e-grocery service effectiveness.
4.8.2 
Relationship between cut off time and effectiveness of e-grocery service
This section discussed the partial Correlation on the relationship between cut off time and the effectiveness of e-grocery service.
	
	Cut off time
	Effectiveness
	Timeslot
capacity
	Delivery
Coverage area

	Delivery coverage area
	Pearson Correlation
	1
	.654**
	.674**
	.741**

	
	Sig. (2-tailed)
	
	.000
	.000
	.000

	
	N
	388
	388
	388
	388

	Cut off time
	Pearson Correlation
	.741**
	.690**
	.745**
	1

	
	Sig. (2-tailed)
	.000
	.000
	.000
	

	
	N
	388
	388
	388
	388

	Time slot capacity
	Pearson Correlation
	.674**
	.626**
	1
	.745**

	
	Sig. (2-tailed)
	.000
	.000
	
	.000

	
	N
	388
	388
	388
	388

	Effectiveness
	Pearson Correlation
	.654**
	1
	.626**
	.690**

	
	Sig. (2-tailed)
	.000
	
	.000
	.000

	
	N
	388
	388
	388
	388


	Cut off time
	Pearson Correlation
	1
	.690**
	
	

	
	Sig. (2-tailed)
	
	.000
	
	

	
	N
	388
	388
	
	

	Effectiveness
	Pearson Correlation
	.690**
	1
	
	

	
	Sig. (2-tailed)
	.000
	
	
	

	
	N
	388
	388
	
	


Table 10: Partial Correlation on the relationship between cut off time and effectiveness of e-grocery service
Table 10 depicted a partial correlation between the cut-off time and the effectiveness of the e-grocery service. The independent variable, cut off time, and the dependent variable, effectiveness of e-grocery delivery, had a positive partial correlation (r=0.690, p0.05). Controlling for delivery coverage and effectiveness of e-grocery service enhanced the strength of the link between two variables (from 0.654 to 0.690) according to the zero-order Correlation (r=0.741). The controlled variable had a considerable impact on the strength of the link between delivery coverage area and e-grocery service efficacy. The Sig 2-tailed level was.000, indicating a strong and positive link between cut-off time and e-grocery service efficacy.
4.8.3 
Relationship between time slot capacity and effectiveness of e-grocery service
This section discussed the partial Correlation on the relationship between time slot capacity and the effectiveness of e-grocery service.
	
	Time
slot capacity
	Effectiveness
	Cut off time
	Delivery
coverage area

	Delivery coverage
Area
	Pearson Correlation
	.674**
	.654**
	1
	.741**

	
	Sig. (2-tailed)
	.000
	.000
	
	.000

	
	N
	388
	388
	388
	388

	Cut off time
	Pearson Correlation
	.745**
	.690**
	.741**
	1

	
	Sig. (2-tailed)
	.000
	.000
	.000
	

	
	N
	388
	388
	388
	388

	Time slot capacity
	Pearson Correlation
	1
	.626**
	.674**
	.745**

	
	Sig. (2-tailed)
	
	.000
	.000
	.000

	
	N
	388
	388
	388
	388

	Effectiveness

	Pearson Correlation
	.626**
	1
	.654**
	.690**

	
	Sig. (2-tailed)
	.000
	
	.000
	.000

	
	N
	388
	388
	388
	388

	Timeslot capacity
	Pearson Correlation
	1
	.626**

	
	Sig. (2-tailed)
	
	.000

	
	N
	388
	388

	Effectiveness

	Pearson Correlation
	.626**
	1

	
	Sig. (2-tailed)
	.000
	

	
	N
	388
	388


Table 11: Partial Correlation on the relationship between time slot capacity and effectiveness of e-grocery service
Table 11 depicted a partial correlation between the capacity of timeslots and the effectiveness of the e-grocery service. The independent variable, timeslot capacity, and the dependent variable, e-grocery effectiveness, had a positive partial correlation (r=0.626, p0.05). Controlling for delivery coverage and effectiveness of e-grocery service, the strength of the association between two variables has dropped (from 0.654 to 0.626), according to the zero-order Correlation (r=0.741). The controlled variable had a considerable impact on the strength of the link between delivery coverage area and e-grocery service efficacy. The Sig 2-tailed level was.000, indicating a positive and stable association between time slot capacity and e-grocery service efficacy.
4.9
Multiple Linear Regression Analysis 
The link between the DV and IVs was revealed using multiple linear regression (MLR). They also mentioned that MLR was employed to determine whether or not multicollinearity existed. The IVs were unrelated to one another. The IVs were not associated as a result of this. The issue of fitting a single line via a scatter plot was at the heart of MLR.
4.9.1 
Model Summary in Regression Analysis
This section discussed the model summary in regression analysis.
Table 12: Summary
	Model
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate

	1
	.731a
	.535
	.531
	3.94232


a. Predictors: (Constant), Delivery coverage, cut off time, Time slot capacity  
Table 12: Summary

The values of R and R2 were provided in Table 12 so that the adjusted R2 of the model could be found; it indicated how much of the total variation independent variable (effectiveness of e-grocery) and for the independent variable (effectiveness of e-grocery) and for the independent variable (effectiveness of e-grocery) and for the independent variable (effectiveness of e-grocery) and for the independent variable (effectiveness of e-grocery (delivery coverage, cut off time, time slot capacity). The result was 0.535, with an R2 of 0.531, indicating that linear regression explained 53.5 percent of the variation in the data, or 53.1 percent. As a result, this study assumed there was no first-order linear auto-correction in multiple regression data. In addition, the R-value denoted a simple correlation. It was 0.731 (the "R" Column), indicating that the independent and dependent variables were moderately correlated.
4.9.2 
Coefficients in Regression Analysis 
This section discussed the coefficients in regression analysis.
	Model
	Unstandardised Coefficients
	Standardised Coefficients
	t
	Sig.

	
	B
	Std. Error
	Beta
	
	

	1
	(Constant)
	13.881
	1.427
	
	9.730
	.000

	
	Delivery coverage area
	.350
	.071
	.267
	4.955
	.000

	
	Cut off time
	.478
	.079
	.359
	6.019
	.000

	
	Time slot capacity
	.229
	.069
	.179
	3.303
	.001


a. Dependent Variable: Effectiveness of e-grocery service
Table 13: Coefficients in Regression Analysis
Table 13 shows that the biggest beta coefficient was 0.359, which corresponded to the cutoff time. This means that when the variation explained by other factors in the model was controlled, this variable was the most powerful in explaining the dependent variable. The Time slot capacity variable had the lowest Beta value of 0.179, indicating that it provided a less unique contribution. The sig value of the delivery coverage area (p =.000), cutoff time (p =.000), and time slot capacity (p =.001) variables were all less than 0.05. This meant that the consumer's attitude variable had a considerable impact on the dependent variable's prediction. There was no independent variable in this study with a sig value greater than 0.05, indicating a strong and positive association between the independent and dependent variables.
4.9.3 
Multiple Regression Equation 
Below were discussing the multiple linear regression equation: the equation has been shown as below:
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The estimation equation that will be used for predictions is the multiple regression equation mentioned above. Y represents the dependent variable, X represents the independent variable, and Error represents the error. The beta for delivery coverage area (0.350), cut-off time (0.478), time slot capacity (0.229), and regression constant are all different (13.881). The model's prediction demonstrated that as the independent variable's value rises or falls, the total dependent variable value changes.
4.9.4 
ANOVA Analysis 
This section discussed the result of the ANOVA Analysis.
	Model
	
	Sum of Squares
	Df
	Mean Square
	F
	Sig.

	1
	Regression
	6857.311
	3
	2285.770
	147.072
	.000b

	
	Residual
	5968.078
	384
	15.542
	
	

	
	Total
	1282 5.389
	387
	
	
	


a. Dependent Variable: Effectiveness
b. Predictors: (Constant), Timeslot_capacity, Delivery_coverage, Cutoff_time
Table 14: Result of ANOVA Analysis
Based on Table 14, the significant value was 0.000 (p=.000), which meant it was below the significant level of 0.05 (p<.05). It indicated that there was a significant difference among the means score on dependent variables variable and groups as determined by one-way ANOVA {F (3,384) =147.072, p=.000 b}.
4.9.5
Variance Inflation Factor (VIF)
	Model
	Unstandardised Coefficients
	Standardised Coefficients
	
	Collinearity Statistics


	
	B
	Std. Error
	Beta
	T
	Sig.
	Tolerance
	VIF

	1
	(Constant)
	13.881
	1.427
	
	9.730
	.000
	
	

	
	Delivery coverage area
	.350
	.071
	.267
	4.955
	.000
	.417
	2.396

	
	Cut off time
	.478
	.079
	.359
	6.019
	.000
	.340
	2.937

	
	Timeslot capacity
	.229
	.069
	.179
	3.303
	.001
	.412
	2.424


a. Dependent Variable: Effectiveness
Table 15: Multicollinearity Test
According to Table 15, the tolerance value for the independent variable delivery coverage area was 0.417. Cut off time had a tolerance value of 0.340. Then, timeslot capacity had a tolerance value of 0.412. The VIF for the delivery coverage area was 2.396. The VIF for cut off time was 2.937, while the VIF for time slot capacity was 2.424. All of the factors were multicollinear with the effectiveness of e-grocery service as their VIFs were less than 5.000 (VIF<5.000). Table 15 showed that delivery coverage area, cut off time and time slot capacity VIF value were less than 5, which had the value of 2.396, 2.937 and 2.424, so it was considered acceptable. As the value goes above 5 then it indicated high Correlation, and it was cause for concern.
4.9.6
Final Regression Model
Following was the final regression model, which included the significant factors that affected the effectiveness of the e grocery delivery. Where: 
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4.9.7
Regression Model Simulation 
The following model was tested on two extremes: one, where all consumer preferences indicate high satisfaction with the factors that influence the effectiveness of e grocery delivery during MCO, and the other, where all consumer preferences indicate low satisfaction with the factors that influence the effectiveness of e grocery delivery during MCO. Another scenario was one in which all customer preferences indicated displeasure with the parameters that determined the effectiveness of e grocery delivery during MCO.
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Based on the equation above, it was clear that the dependent variable was explained by 14.9% from the independent value if the users indicated the lowest level of satisfaction towards the explain independent variable. 
 
Where X1 = to very strongly satisfied (7)
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    = 13.881+2.45+3.345+1.603
    =21.3
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Based on the simulation above, the dependent variable will increase by 21.3 per cent when the respondents indicate a high level of satisfaction with the tested factors. This result also showed that when a respondent indicated high satisfaction with the independent variable tested, the effectiveness of the e-grocery delivery will be increased by 21 per cent.
5.0
Discussion 
Based on a few parameters, this study looked into the effectiveness of e-grocery services. Table 13 examined the regression analysis results on the impact of delivery coverage area, cut off time, and time slot capacity on the effectiveness of the e-grocery service based on the data analysis above. Furthermore, whether the hypotheses were accepted or rejected is determined by the coefficient in regression analysis. Because the sig. value of the coefficient in regression analysis was less than 0.05, all of the independent factors (delivery coverage area, cut off time, and time slot capacity) had a significant effect on the dependent variable (efficacy of e-grocery service). As a result, all of the theories were confirmed.
5.1
Delivery Coverage Area 
In the Klang Valley, there is a strong link between delivery coverage area and e-grocery service effectiveness. In this study, the delivery coverage area and the effectiveness of the e-grocery service in Klang Valley were found to be positively related. It suggests that the majority of respondents thought that expanding the delivery coverage area would improve the effectiveness of the e-grocery service. The delivery coverage area, on the other hand, had a positive coefficient in previous studies. It means that the delivery coverage area had an effect on e-groceries. As a result, clients requested the coverage to be more extensive in order to obtain a higher degree of service. Because there were more available centres, the service was more efficient in terms of delivery and sourcing. According to previous research, the delivery coverage area is used to determine whether or not the service area is experiencing traffic congestion (Punakivi & Saranen, 2001). In the Klang Valley, there was a substantial correlation between delivery coverage and the success of e-grocery services. There was a positive partial connection (r = 0.071, p0.05) between delivery coverage area and e-grocery service effectiveness. According to Amorim et al., (2020), the delivery coverage area had a favourable and substantial link with the effectiveness of the e-grocery service. As a consequence, the delivery coverage area had a substantial impact on the efficacy of e-grocery service, which is consistent with the findings of this study, which looked at the strong relationship between delivery coverage area and e-grocery service success factor.
5.2
Cut off time
In the Klang Valley, there is a strong link between the cut-off time and the effectiveness of the e-grocery service. There was a positive association between cut-off time and the effectiveness of e-grocery service in Klang Valley, according to this study. It suggests that the majority of respondents thought that increasing the cut-off time would improve the effectiveness of the e-grocery service. Cut-off period, on the other hand, had a positive coefficient in previous studies. It means that the e-effectiveness grocery's will be influenced by the cut-off time. As a result, clients desired the cut-off time to be extended in order to provide a higher level of service and a more efficient service. They noted in previous studies that the cut off time, which is done during the lowest demand time, can also be employed because demand exists (Md Zaini et al., 2011). In the Klang Valley, there is a considerable association between cut-off time and the success of e-grocery services. In the e-grocery service, there was a positive partial connection between cut off time and effectiveness (r = 0.359, p0.05). According to Amorim et al., (2020), the cut-off time had a favourable and substantial link with the effectiveness of the e-grocery service. Thus, cut off time had a considerable influence on the effectiveness of e-grocery service, which is in line with the result of this study that investigates the significant relationship between cut off time and success factor of e-grocery service.
5.3
Timeslot capacity
In the Klang Valley, there is a strong link between time slot capacity and the success of the e-grocery service. The effectiveness of e-grocery service in Klang Valley was found to be positively related to time slot capacity in this study. It suggests that the majority of respondents thought that increasing the time slot capacity would improve the effectiveness of the e-grocery service. Time slot capacity, on the other hand, had a positive coefficient in previous studies. It means that e-grocery was influenced by time slot capacity. As a result, customers will want more open time slots since the more time slots available, the higher the customer satisfaction because customers will be able to receive what they want when they want it. According to previous research, the time slot capacity is a set of times for customers to receive the goods that they ordered, as the time slot will affect many people, such as people who have work to do during the time available, and if there are more available timeslots, the effectiveness will increase (Sahelirc, 2020). In the Klang Valley, there was a substantial association between time slot capacity and the success of e-grocery services. In the e-grocery service, there was a positive partial correlation between timeslot capacity and effectiveness (r = 0.069, p0.05). According to Amorim et al., (2020), the timeslot capacity has a favourable and significant association with the effectiveness of the e-grocery service. Thus, timeslot capacity had a major impact on the effectiveness of e-grocery service, which is consistent with the findings of this study, which looked at the strong relationship between timeslot capacity and e-grocery service success factor.
 
CONCLUSION
The majority of respondents agree that e-grocery delivery in Klang Valley is relatively effective. The respondent believes that the effectiveness of e-grocery is important in deciding whether to continue purchasing groceries through e-grocery based on the data analysed. The data showed that the independent factors of delivery coverage area, time slot capacity, and cut off time had a strong association with the effectiveness of e-grocery service in Klang Valley. According to the results of this study's poll, the majority of respondents are eager to buy food online.

When each element stands alone, delivery coverage area, cut off time, and time slot capacity interact with one another in respect to e-grocery delivery service. All of these independent variables had a varied impact on the effectiveness of e-grocery and the ability to improve the e-grocery delivery service. The most important association between the effectiveness of e-grocery delivery and the cut-off time has been discovered. This is based on partial correlation data on the association between IVs and DV, where the cutoff time reading has the greatest value of all the correlation readings. Among the evaluated criteria, cut off time (= 0.359), delivery coverage area (= 0.267), and time slot capacity (= 0.179), cut off time was the most significant predictor that influenced the success of e-grocery delivery.

Due to the outbreak of COVID-19, e-grocery delivery has become a popular method of internet shopping. By expanding the delivery coverage area, the effectiveness of e-grocery delivery can be improved. In some parts of the Klang Valley, e-grocery delivery is still unavailable. Following that, the cut-off time has a direct impact on the effectiveness of e-grocery delivery. The results demonstrate that the cut-off time is important in this study. Customers should be given more time to cancel orders if the cutoff time is stated sooner.

According to the data, the study's time slot capacity is important. When capacity is always sufficient to satisfy demand, time slot capacity improves the effectiveness of e-grocery delivery. When client satisfaction is reached, e-grocery delivery becomes extremely effective. In short, the goal of this study is to assess the efficacy of e-grocery delivery in the Klang Valley once MCO has been achieved. The efficacy of e-grocery delivery is influenced by the independent variables of delivery coverage area, cut off time, and time slot capacity. Thus, if all these elements were carefully handled, then the e grocery delivery model could be successfully implemented. 
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